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ABSTRACT

We show that values-oriented investors incorporate forward-looking information about
corporate misconduct and litigation risk when forming their portfolios, but sacrifice
performance by doing so. Using fund-holding data, we construct a time-varying firm-
level measure of the sentiment of values-oriented investors, which reflects their per-
ception of each firm’s corporate values. An increase in sentiment predicts lower re-
turns and a lower risk of regulatory fines and civil lawsuits in the future. The pre-
dictive power of sentiment is higher when public information about corporate values
is noisier and when pecuniary information about firms is harder to assess, consistent
with values-oriented investors allocating attention rationally.
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1 INTRODUCTION

In recent years, active institutional investors have been increasingly pursuing a dual man-
date of improving investment performance and incorporating non-pecuniary values in
their stock selection. Such values include environmental, social, and governance (ESG)
considerations as well as broader ethical, religious, or political beliefs. Among active
funds specializing in US domestic equity, values-oriented funds more than tripled their
assets under management from 2011 to 2021, managing $352 billion dollars as of the end
of 2021. This amount represents 8% of the assets managed by active equity funds.

Because values-oriented investors pursue a dual mandate, economic theory predicts
these funds face a trade-off. Whereas regular active investors acquire information and
select stocks exclusively to deliver superior performance to investors, values-oriented in-
vestors must also assess the non-pecuniary corporate values of their portfolio companies.
In particular, they acquire information about companies’ practices and contributions to
stakeholder welfare in areas such as environmental footprint or social justice. By incorpo-
rating this information in their investment decisions, values-oriented investors can select
companies with better corporate values and a lower risk of misconduct and controversies.
However, they will have to sacrifice performance compared to regular active investors.

Although the trade-off is clear from theory (Fama and French, 2007; Geczy et al., 2021;
Pástor et al., 2021; Pedersen et al., 2020), surveys (Giglio et al., 2023; Riedl and Smeets,
2017), and experiments (Bonnefon et al., 2022; Heeb et al., 2023; Humphrey et al., 2021),
empirical evidence from the real-world choices of values-oriented investors has been
elusive so far. Previous literature has investigated primarily whether the holdings of a
major subset of values-oriented investors, ESG investors, reflect publicly available infor-
mation about corporate values and sustainability, as measured by ESG ratings or emis-
sions. However, the question of whether values-oriented investors possess and incor-
porate forward-looking information to predict firms’ future contribution to stakeholder
welfare has remained unexplored so far. In this paper, we address this question.

To assess a firm’s non-pecuniary values and contribution to stakeholder welfare, we
use objective measures of corporate misconduct and litigation risk, which reflect the
firm’s negative contribution to stakeholder welfare.1 For corporate misconduct, we use
data on fines and penalties imposed on the firm by US federal and local agencies. To as-
sess companies’ exposure to litigation risk, we use a novel dataset of civil lawsuits filed

1Whereas we can objectively measure negative contribution to stakeholder welfare using regulatory
fines and civil lawsuits, one cannot objectively measure positive contribution to stakeholder welfare. In
fact, the current US legal system is designed to sanction and recover the damages corporations cause, but
not to reward them for the positive externalities they generate.
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against the firm in state and federal courts. Although regulatory fines and legal contro-
versy do not capture the entire spectrum of irresponsible or unethical behavior, they do
represent objective instances of conduct that, according to US law, caused (or may have
caused) damage to the company’s stakeholders.

We then make three main contributions. First, we provide a measure of the perceived
non-pecuniary values of a company derived from the revealed preferences of values-
oriented investors. The measure summarizes the consensus view of values-oriented in-
vestors as reflected in their portfolio holdings and incorporates current and forward-
looking information about non-pecuniary corporate values. Second, we show that values-
oriented investors correctly predict corporate misconduct and controversies and sacrifice
performance in order to avoid them. In particular, values-oriented investors tilt their
portfolios toward firms that will experience fewer fines and lawsuits in the future but
that will generate lower returns. Third, we propose a methodology to disentangle the
values-oriented bets from the active bets in each investor’s portfolio. This methodology
can be applied to any setting in which an investor pursues additional objectives besides
maximizing financial performance.

To obtain the values-oriented bets investors place on stocks, we compare the hold-
ings of a values-oriented fund to the combined holdings of a suitably chosen portfolio of
active (non-values-oriented) funds. Given a fund’s investment style and passive bench-
mark, an active values-oriented fund will deviate from it to pursue its dual mandate. In
particular, the fund will place active bets on stocks reflecting its expectations about future
returns.2 It will also place values-oriented bets on stocks reflecting the funds’ perception
of companies’ contribution to stakeholder welfare. To isolate values-oriented bets from
active bets and fund style, for each values-oriented fund in each quarter, we compare the
funds’ holdings with the combined holdings of a synthetic portfolio of active (non-values-
oriented) funds with the same style as the values-oriented fund. We choose the weights
to assign to active funds so that their combined holdings best replicate the holdings of
the values-oriented fund. Hence, this synthetic portfolio of active (non-values-oriented)
funds represents the best available investment for an investor who seeks to recreate the
active bets of the values-oriented fund but who has no objectives in terms of corporate
values. We use deviations of the values-oriented fund’s holdings from the synthetic port-
folio’s holdings to estimate the values-oriented bets of the fund.

We aggregate values-oriented bets at the stock-quarter level to obtain a measure of the
perceived corporate values of each company in each quarter, which we call values-oriented
sentiment. By doing so, we aggregate the information and beliefs of all institutional in-

2Jiang et al. (2014) show active funds’ deviations from their passive benchmarks predict future returns.
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vestors with non-pecuniary mandates. The investors’ consensus view should therefore
reflect relevant information about each firm’s non-pecuniary values dispersed across var-
ious funds, thus incorporating the wisdom of the institutional values-oriented crowd.3

Because values-oriented sentiment is based on the revealed preferences of investors that
produce and consume information about firms’ values and contributions to stakeholder
welfare, the information contained in the values-oriented sentiment goes beyond ESG
ratings. In a survey of institutional investors, Hirai and Brady (2021) document asset
managers obtain information from multiple ESG rating agencies and combine it with
their own information before making investment decisions. Using our measure of per-
ceived corporate value as the consensus view of values-oriented funds, we can then test
whether values-oriented funds incorporate current and forward-looking information on
stakeholder welfare in their investment decisions.

We validate our measure of perceived corporate values, the values-oriented sentiment,
by showing it incorporates existing public information on firms’ non-pecuniary values
as proxied by ESG ratings and the companies’ legal track records. Specifically, values-
oriented sentiment is positively correlated with ESG ratings, suggesting values-oriented
funds tilt their portfolio consistently with the advice of ESG rating agencies. Moreover,
values-oriented sentiment is negatively correlated with past corporate misconduct mea-
sured by past regulatory fines. Funds’ values-oriented sentiment about a company is also
negatively correlated with past lawsuits against the company. Therefore, values-oriented
investors pursue their objective of investing responsibly by tilting their portfolio towards
companies with a better track record in terms of stakeholder welfare.

We then show that the consensus view of values-oriented investors about corporate
values contains forward-looking information on the risk of future misconduct and civil
litigation. Firms experiencing an increase in their values-oriented sentiment are less likely
to be fined by regulators in the subsequent quarters. Such firms are also less likely to
be named defendants in civil lawsuits on environmental, social, and governance mat-
ters. Economically, a one standard deviation increase in the change of sentiment, equal
to 2.55 bps, predicts a decline of 23.4 bps and 26.8 bps in the risk of future regulatory
fines and litigation, respectively.4 Across various categories of violations and lawsuits,
values-oriented investors specifically incorporate forward-looking information on future
exposure to environmental and labor-related legal risk. This result is consistent with the
notion that, for values-oriented investors, environmental responsibility and labor rela-

3Other studies aggregated portfolio holdings at the stock level to show mutual funds’ holdings predict
future performance. These studies include Jiang and Sun (2014), Jiang et al. (2014), Antón et al. (2021),
Pomorski (2009), Wermers et al. (2012), Chen et al. (2000), and Chen et al. (2002).

4The legal outcomes need not be financially material. In fact, the median regulatory fine is only $10,533.
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tions represent key sources of stakeholder welfare (Freeman, 2010; Hart and Zingales,
2017).

We also show that values-oriented investors sacrifice performance to avoid exposure
to corporate misconduct and litigation risk. This finding is consistent with the notion
that to pursue its dual mandate; an investor must trade off risk-adjusted performance for
stakeholder welfare in its portfolio. Firms experiencing a larger increase in their values-
oriented sentiment will deliver worse returns in the next quarter. We measure returns in
terms of raw returns, CAPM alpha, and multifactor alpha. We verify the predictive power
of changes in values-oriented sentiment on future returns using portfolio sorts and Fama
and Macbeth (1973) regressions. A quarterly-rebalanced zero-investment portfolio that
goes long on stocks with an increase in sentiment and goes short on stocks with a decline
in sentiment yields an annualized five-factor alpha of -2.19%.

We further test whether our results are driven by values-oriented investors allocat-
ing limited attention rationally between pecuniary information and non-pecuniary corpo-
rate values. Based on theories of rational allocation of attention (Kacperczyk et al., 2016;
Grossman and Stiglitz, 1980), values-oriented investors should allocate more attention to
a firm’s non-pecuniary corporate values and less attention to the firm’s pecuniary infor-
mation when public uncertainty about corporate values is higher and when private infor-
mation about pecuniary information is harder to assess. In these situations, the predic-
tive power of sentiment on future misconduct, controversies, and returns should increase.
When public uncertainty about a firm’s contribution to stakeholder welfare is higher, in-
vestors need to rely more heavily on their private information on corporate values. When
private information about pecuniary performance is harder to process, values-oriented
investors are more likely to substitute it for information about non-pecuniary values. In
both cases, values-oriented funds face a stronger incentive to allocate attention toward
non-pecuniary corporate values and away from pecuniary information.

We verify these hypotheses in the data. We proxy for public uncertainty about corpo-
rate values using the dispersion of ESG ratings. We proxy for the difficulty of assessing
private information about a firm’s pecuniary performance using the dispersion of the
holdings of non-values-oriented active funds. We show the predictive power of values-
oriented sentiment on future misconduct, controversies, and returns increases when the
dispersion in ESG ratings increases and when the dispersion in active holding increases.
Therefore, according to our results, values-oriented investors allocate attention rationally,
incorporating more information about a firm’s contribution to stakeholder welfare when
investors value such information more and when pecuniary information is harder to as-
sess.
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RELATED LITERATURE. A growing number of papers study the commitment of values-
oriented funds to their objective of investing responsibly and the performance implica-
tions of this commitment (Cremers et al., 2023; Gibson Brandon et al., 2022; Kim and Yoon,
2022; Li et al., 2023; Pástor et al., 2023; Raghunandan and Rajgopal, 2022). Compared to
these papers, we take a very different approach. In particular, these papers conduct fund-
level studies of financial performance and social responsibility, whereas we conduct a
stock-level study. Moreover, Cremers et al. (2023), Kim and Yoon (2022), Li et al. (2023),
Pástor et al. (2023), and Gibson Brandon et al. (2022) measure the social responsibility
of institutions’ holdings using ESG ratings. We study the relation between the revealed
preferences of values-oriented funds and the legal track record of companies using in-
formation about corporate misconduct and lawsuits. In fact, Avramov et al. (2022), Berg
et al. (2023), and Christensen et al. (2022) show ESG raters may disagree significantly on
their assessment of a given firm. Raghunandan and Rajgopal (2022) also uses corporate
misconduct in its fund-level study of social responsibility, but they focus on the relation
between ESG fund holdings and past misconduct, whereas we investigate the informa-
tion revealed by fund holdings about future misconduct.

Our research is also related to papers studying the relationship between corporate
social responsibility and stock performance. These papers use past corporate emissions
(Ardia et al., 2023; Aswani et al., 2023; Bolton and Kacperczyk, 2021, 2023; Choi et al.,
2020; Hsu and Tsou, 2023; Matsumura et al., 2014), current ESG ratings (Bansal et al.,
2022; Chava, 2014; Ghoul et al., 2011; Pástor et al., 2022), or current social norms (Hong
and Kacperczyk, 2009) to evaluate corporate responsibility. We take a revealed-preference
approach and use the sentiment of values-oriented investors, as reflected in their hold-
ings, to obtain a new measure of perceived corporate responsibility. We show changes in
values-oriented sentiment contain forward-looking information about future corporate
responsibility and future stock performance.

Focusing on firms’ environmental impact, a growing literature in finance shows in-
vestors incorporate or should incorporate climate risk in their portfolio allocation. Krueger
et al. (2020) provide survey evidence from a sample of institutional investors. Studies by
Ramelli et al. (2021) and Starks et al. (2018) illustrate that long-horizon investors account
for climate-related risk in their asset allocation. Hartzmark and Sussman (2019) show in-
vestors value mutual funds’ sustainability ratings. Engle et al. (2020) show investors can
form portfolios to hedge against climate-change risk arising from climate news and ESG
scores. Alekseev et al. (2022) show mutual fund trades around shocks to climate beliefs
provide information that can be used to construct a systematic climate-risk factor. Finally,
results in Alok et al. (2020) indicate mutual funds overreact to salient climate disasters.
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Some researchers investigate the relationship between ESG fund ownership and cor-
porate social responsibility through governance and engagement (Azar et al., 2021; Chen
et al., 2020; Dikolli et al., 2022; Dyck et al., 2019; Heath et al., 2023; Hoepner et al., 2022;
Lowry et al., 2023). These papers study if ESG ownership causally affects environmental
and social performance, whereas we focus on the values-oriented funds’ ability to pre-
dict misconduct and controversies, regardless of the funds’ ability to directly influence
corporate outcomes. In fact, according to Berk and Van Binsbergen (2022), the amount of
socially responsible capital is too small to affect firms’ cost of capital. However, managers
may still be able to predict future corporate behavior correctly.

Other papers studying the holdings ESG funds include Berg et al. (2023) and Chen
et al. (2022). They focus on funds’ actions in response to changes in ESG information
as provided by ESG rating agencies, whereas we study the predictive power of values-
oriented funds’ portfolio choices on performance and legal events.

Our methodology to measure funds’ values-oriented bets and sentiment draws from
and generalizes existing contributions. Like Jiang and Sun (2014) and Jiang et al. (2014),
we estimate a fund’s bets as deviations of its portfolio weights from a benchmark and we
focus on the financial and social performance of stocks that are overweighted and under-
weighted by values-oriented funds. Whereas Jiang and Sun (2014) and Jiang et al. (2014)
use passive benchmarks to obtain a funds’ active bets, we use a portfolio of (non-values-
oriented) active funds to control for active strategies. Our approach is thus analogous
to Hunter et al. (2014) and Cohen et al. (2005) who assess the relative performance of
an active fund by comparing it with similar funds. However, these authors focus on
performance at the fund level, whereas we study stock-level measures of sentiment and
performance. Finally, to obtain an optimal portfolio of active funds to which we com-
pare the holdings of a values-oriented fund, we generalize the methodology proposed by
Cremers and Petajisto (2009). Whereas Cremers and Petajisto (2009) look for the single
passive portfolio that best replicates the holdings of an active fund, we look for the lin-
ear combination of active portfolios that best replicates the holdings of a values-oriented
fund.

2 DATA AND METHODOLOGY

In this section, we describe the data and discuss trends in values-oriented investing in
recent years. We also introduce the methodology to construct our measure of values-
oriented sentiment and show summary statistics for the firm-level variables used in our
research.
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2.1 DATA

We obtain data on open-ended U.S. mutual funds from the first quarter of 2011 through
the first quarter of 2022. The data on mutual fund characteristics and portfolio holdings
are from the Center for Research in Securities Prices (CRSP) Survivor Bias-Free U.S. Mu-
tual Fund database. We focus on actively managed diversified equity funds; that is, funds
with CRSP objective codes EDYG (Growth), EDYB (Blend), EDYI (Value), EDCM (Mid-
Cap), EDCS (Small-Cap), and EDCI (Micro-Cap). To avoid passive funds, we eliminate
funds with the CRSP objective code EDCL (S&P 500 Index Objective Funds). We also
eliminate funds if their names include the words “index,” “S&P,” or “ETF.” Finally, to
exclude possible hedge funds, we do not consider funds with the CRSP objective codes
EDYH (Long/Short Equity Funds) or EDYS (Dedicated Short Bias Funds). To avoid mul-
tiple counting, we aggregate share-class-level data to the portfolio level. That is, we cal-
culate total net assets (TNA) as the sum of assets across all share classes, and we compute
the value-weighted average of a fund’s return across share classes. For the qualitative
attributes of the funds, such as name or investment objective, we choose that of the oldest
among all share classes.

To study the holdings of mutual funds, we consider common stocks traded on the
NYSE, Amex, and Nasdaq. In line with previous research, we exclude closed-end funds,
Americus trust component, ETF, and REITs. We eliminate stocks with prices below $5 and
exclude funds that hold less than 10 securities to mitigate the concern that our results are
driven by outliers. We obtain data on stocks’ monthly returns, prices, and market values
from CRSP. The resulting sample covers 9,653 stocks and 3,268 funds. We then match
stocks in our sample to their quarterly returns from CRSP and quarterly firm fundamen-
tals from Compustat.

We obtain data on firm misconduct from Violation Tracker. Violation Tracker contains
comprehensive data on penalties exceeding $5,000 assessed by federal and local agencies
on corporations. Examples of such agencies are the Environmental Protection Agency,
the Occupational Safety and Health Administration, and the Justice Department. Viola-
tion Tracker classifies misconduct episodes into nine groups based on the nature of the
violation: competition, consumer protection, employment, environment, financial, gov-
ernment contracting, healthcare, safety, and miscellaneous. When a subsidiary is fined,
we attribute the fine to the parent company. From 2011 to 2022, we have data on 357,897
penalties, summing up to $742 billion, assessed by 394 agencies. Among these violations,
39,748 are attributed to 1,856 public companies that paid a total of $516 billion in penalties.

Data on lawsuits are from Lequity, a start-up ESG rating firm. Unlike other ESG rating
firms, Lequity assigns ESG ratings based on the number and materiality of civil lawsuits
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filed against companies. From Lequity, we obtained their ESG ratings and data on law-
suits filed against public companies in State and Federal courts. Compared to the Federal
Judicial Center’s (FJC) data that have been used in other studies in finance and economics
(Dougal et al., 2022; Franke et al., 2023; Cassella and Rizzo, 2023; Ash et al., 2022; Lanjouw
and Schankerman, 2001), Lequity’s data possess two important advantages. First, they in-
clude lawsuits filed in state and federal courts, whereas FJC data contain only federal law-
suits. Second, Lequity obtains data from original sources and identifies all defendants in
a lawsuit, whereas only the first defendant can be identified in FJC data.5 Lequity classi-
fies lawsuits into 49 categories depending on the nature of the dispute. Examples of these
categories include patents, contracts, worker safety, environmental matters, discrimina-
tion, land use disputes, etc. From 2011 to 2022, we have data on 205,287 civil lawsuits
filed against 3,025 public companies.

We also obtain ESG ratings from KLD, MSCI, Refinitiv, Sustainalytics, and TVL. For
KLD data, we follow the methodology of Avramov et al. (2022), Berg et al. (2023), and
Lins et al. (2017), and we sum all the strengths and subtract the concerns. As for the other
ratings, we use the MSCI ESG Intangible Value Assessment (UVA) from MSCI, the ESG
Combined Score from Refinitiv, the Sustainalytics Rank from Sustainalytics, and the In-
sight Score from TVL. To ensure all scores are on the same scale and distributed according
to the same distribution, we transform scores into percentile ranks. Specifically, for each
score in each quarter, we rank firms on a scale from 0 to 100, with a higher rank being
associated with a better ESG score. After this transformation, all quarterly ESG scores are
uniformly distributed over the [0,100] interval.

2.2 TRENDS IN VALUES-BASED INVESTING

Within our sample of US equity active funds, we classify funds as values-oriented if they
are classified as sustainable by Morningstar or if their name contains any of the following
strings: sustain, social, esg, pax, green, responsi, clean, impact, water, environm, catholic,
parnassus, aquina, women, alternative energy, equality, wind energy, fossil, low carbon,
amana, ecolog, eco, epiphany, solar, climate, better world, gender, just, sri, community,
and diversity.

We identify a total of 241 active values-oriented funds in the period from the first quar-
ter of 2011 to the first quarter of 2022. Both the number and the assets under management
(AUM) of values-oriented funds grew steadily over this decade, as shown in Figures 1(a)

5For example, if plaintiff X filed a complaint against company A, company B, and company C, FJC
would report the defendants as “Company A et al.” Using Lequity data, we can correctly identify the three
defendants.
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and 1(b). The number of funds available to investors increased from 122 to 171, while
their AUM grew from $104 billion to $352 billion. Figure 1(c) shows the time series of
values-oriented fund’s market share in terms of AUM relative to the total assets managed
by US equity active funds. Values-oriented funds’ market share was 8% at the end of
2021.

[Insert Figure 1 here]

Despite the growth in the number and AUM of values-oriented funds, the number
of portfolio companies held by values-oriented funds barely changed over our sample
period. Figure 1(d) shows that, between 2011 and 2021, the number of companies held
by at least one values-oriented fund fluctuated between 3,076 and 3,412. This observation
indicates that, although the size of the responsible investment industry increased, their
investment opportunities remained relatively stable.

2.3 VALUES-ORIENTED BETS AND SENTIMENT

An active values-oriented fund may invest in a stock for three reasons. First, it may hold
or avoid a stock to follow a benchmark and reduce deviations from comparable funds.
Second, the fund may overweight (underweight) the stock compared to the benchmark
because it expects the stock to over-perform (under-perform). Third, the fund may fur-
ther adjust its position in the company to reflect the manager’s beliefs about the cor-
porate values of the company. In particular, compared to an otherwise identical non-
values-oriented active fund manager, a values-oriented fund manager may overweight
(underweight) stocks he/she believes in providing superior (inferior) contributions to
stakeholder welfare. We refer to these deviations from an otherwise identical non-values-
oriented active fund as values-oriented bets.

To estimate a fund’s values-oriented bets, we compare each values-oriented fund’s
holdings with the holdings of a synthetic portfolio of active (non-values-oriented) funds.
Let {1, . . . , F} be the set of all funds in the sample, and let 1, . . . , I be the set of securities.
Consider a fund f in quarter t. Let wft := (wft

1 , . . . , wft
I ) be the fund’s portfolio, where

wft
i is the share of fund f ’s AUM invested in stock i at the end of quarter t. Let S(f, t)

be the style of the fund.6 We define E(t) as the set of active values-oriented funds at time
t. From this set, we exclude funds that, up to quarter t, have never reached a size of $5
million in terms of AUM. By doing so and by restricting the sample to funds open to
new investors, we reduce incubation bias (Elton et al., 2001; Evans, 2010). We also define

6We use CRSP objective codes to identify a fund’s style.
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A(s, t) as the subset of non-values-oriented active funds with investment style s at time
t. To reduce incubation bias in the sample, we exclude active funds with AUM below $5
million or fund age below two years.7 Finally, we define U(i, t) = {e : ∃f s.t. S(f, t) =

S(e, t) and wft
i > 0} as the set of values-oriented funds whose investment style allows for

security i. In other words, e ∈ U(i, t) if, in quarter t, a fund f exists which has the same
style of e and has positive holdings in stock i. Note we could have f = e. In other words,
U(i, t) represents the set of values-oriented funds whose investment opportunity set in
quarter t contains stock i.

For each values-oriented fund e ∈ E(t) and for each quarter t, we construct a portfolio
of non-values-oriented active funds with the same style as e. This portfolio replicates
as closely as possible the holdings of e. Formally, we estimate portfolio weights Θ̂et :=(
θ̂et1 , · · · , θ̂etF

)
by solving the following problem:

(
θ̂et1 , · · · , θ̂etF

)
=arg min

(θ1,··· ,θF ))∈RF

N∑
n=1

∣∣∣∣∣wet
n −

F∑
a=1

θaw
at
n

∣∣∣∣∣ (1)

s.t. θa = 0 for all a /∈ A(S(e, t), t) (1a)

s.t.
F∑

a=1

θa = 1. (1b)

In (1), we seek a linear combination of fund portfolios with minimal distance from
the portfolio of values-oriented fund e in quarter t. With condition (1a), we restrict the
set of fund portfolios to non-values-oriented active funds with the same style as values-
oriented fund e. Condition (1b) imposes that portfolio weights sum up to one. We thus
obtain a synthetic portfolio

ŵet :=
F∑

a=1

θ̂eta w
at

of non-values-oriented active funds with the same investment objective of fund e in quar-
ter t.

By comparing the holdings of fund e, wet, to the synthetic portfolio ŵet, we thus es-
timate the values-oriented bets of fund e. Our methodology is a generalization of the
active share in Cremers and Petajisto (2009). Cremers and Petajisto (2009) look for the
single passive portfolio that best replicates a fund’s holdings. By comparing the fund’s

7We do not restrict fund age for values-oriented funds because, as shown in Figure 1(a), values-oriented
funds tend to be relatively new. By filtering by age, we would omit a sizeable fraction of our sample of
values-oriented funds. However, our results are not driven by incubation bias in values-oriented funds.
Whereas incubation bias introduces a semblance of outperformance, we find values-oriented funds over-
weight stocks that underperform compared to the holdings of non-values-oriented active funds.
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holdings with the holdings of its passive benchmark, they estimate the active bets of the
fund. We generalize active shares by looking for the linear combination of portfolios that
best replicates the fund’s holdings.

The synthetic portfolio we obtain has attractive features. To begin with, by using hold-
ings of funds with the same style, we control for the portfolio allocation of fund e that is
determined by its benchmark, similar to active share. Moreover, by estimating the linear
combination of active funds that best replicates the values-oriented fund’s portfolio, we
also control for the fund’s incentives to deviate from its benchmark because of expected
performance. In fact, our synthetic portfolio of active funds represents the best outside
option for an investor who wants a portfolio exposure similar to fund e’s but has no value
orientation. Therefore, we estimate the values-oriented bet of fund e on stock i in quarter
t as

ValuesBeteti := wet
i − ŵet

i .

For each stock i and for each quarter t, we define values-oriented sentiment, and denote
as ValuesSentiment, as the average values-oriented bet of values-oriented funds on stock i

in quarter t. To calculate the average, we restrict the sample to funds whose investment
style allows for stock i. That is

ValuesSentimentit :=
1

|U(i, t)|
∑

e∈U(i,t)

ValuesBeteti

By restricting ourselves to the set U(i, t), we make sure our measure of sentiment is not
biased by style considerations. For example, if i is a large-cap stock, all small-cap funds
will not include it in their portfolio. Using our methodology, we would then conclude
that all small-cap values-oriented funds make bets equal to zero on the large-cap stock
i. However, one cannot interpret these zero bets as indicating a lack of any sentiment on
the stock by small-cap values-oriented funds. Instead, these zero bets simply reflect the
specialization of these funds.

2.4 FIRM LEVEL VARIABLES AND SUMMARY STATISTICS

The main variables of interest are the level of values-oriented sentiment and quarterly
changes in the sentiment. The level of values-oriented sentiment measures the perceived
non-pecuniary values of a firm. Quarterly changes in sentiment measure new information
that changed funds’ assessment of the firm’s corporate values. To reduce the influence of
outliers, we winsorize the left and right-tail of the sentiment distribution at the 1% level.

In our empirical tests, we focus on the relation between sentiment, returns, miscon-
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duct, and controversies while controlling for a series of firm-level, time-varying char-
acteristics. In particular, we control for total assets, market cap, book-to-market ratio,
return on assets (ROA), leverage (defined as long-term debt over total assets), quarterly
capital expenditures (CAPEX), institutional ownership, the stock’s returns over the pre-
vious 12 months, the stock’s beta, total return volatility, and the values-oriented breadth
of the stock (defined as the ratio of the number of values-oriented funds holding stock i

to the total number of values-oriented funds active at date t.). A comprehensive list of the
firm-level variables used in this paper and their description is available in Table 1 in the
Appendix.

[Insert Table 2 here]

Table 2 presents the summary statistics for sentiment measures and the firm-level con-
trol variables in our panel of 99,416 firm-month observations, with the definition of these
variables provided in Table 1. Overall, both the level and change in values sentiment are
characterized by a symmetric distribution centered around zero. The standard deviation
of Values Sentiment is 2.55 bps. Approximately 80% of it comes from within-firm varia-
tion over time, which indicates that variation in the Values Sentiment variable is mainly
driven by cross-sectional variation. Figure 2 in the Appendix plots the distribution of the
level of sentiment and the changes in sentiment for the panel. When looking at the firm-
level characteristics, the numbers are similar to those in other studies, which confirms our
sample of firms is similar to those used in prior literature.

3 ESG SENTIMENT AND FIRM CHARACTERISTICS

In this section, we study the relationship between the level of values-oriented sentiment
and firm characteristics, including firm fundamentals, past stock performance, ESG rat-
ings, and legal events. In particular, we validate values-oriented sentiment as a measure
of perceived corporate values. If values-oriented sentiment captures the consensus view
of values-oriented funds about a firm’s contribution to stakeholder welfare, it should re-
flect public information about the firm’s non-pecuniary values. Consistent with this ob-
servation, we find that values-oriented sentiment correlates positively with ESG ratings
and firms’ past exposure to regulatory fines and civil lawsuits.

3.1 FIRM-LEVEL CHARACTERISTICS

We start by studying the relationship between values-oriented sentiment, firm funda-
mentals, and past stock performance in a multivariate setting. To evaluate how values-
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oriented sentiment varies with firm-level characteristics, we run the following panel re-
gression:

ValuesSentimentit = βXit + FEit + ϵit, (2)

where the dependent variable, ValuesSentimentit, is measured as defined in section 2.3
and Xit is a vector of fundamental and stock-market variables for firm i at year-quarter
t. These variables, defined in Table 1, include total assets, book-to-market, ROA, lever-
age, CAPEX, institutional ownership, past annual return, past CAPM beta, past return
volatility, and values-oriented breadth. As fixed effects, FEit, we use either time fixed
effects (year-quarter) or time-industry fixed effects, for which we use the Fama-French
48-industry classification. By using time fixed effects, we control for average time-series
variation of sentiment and firm characteristics. By including industry-time fixed effects,
we control for comovements between sentiment and firm-level characteristics across in-
dustries at any time. We cluster standard errors at the firm level.

We report results in Table 3. In column 1, we do not include fixed effects. In column 2,
we include time fixed effects. In column 3, we use industry-time fixed effects. According
to the estimates, firms with a higher values-oriented sentiment tend to be smaller in size,
less profitable in terms of ROA, and more leveraged. They also possess higher book-
to-market ratios. In regard to their past stock-market performance, firms with higher
sentiment provided lower returns, carried higher market risk as measured by their CAPM
beta, and, as one should expect, were more broadly held by values-oriented funds, as
indicated by a higher values-oriented breadth.

[Insert Table 3 here]

3.2 CURRENT ESG RATINGS

We provide a first validation of values-oriented sentiment as a measure of perceived cor-
porate values. Specifically, we show that values-oriented sentiment is positively corre-
lated with the ESG ratings assigned by five major ESG rating agencies: KLD, MSCI, Re-
finitiv, Sustainalytics, and TVL. If values-oriented investors acquire information about
non-pecuniary corporate values, we should expect their holdings to reflect the advice of
ESG rating agencies.

First, we compute simple correlations between values-oriented sentiment and the ESG
scores obtained from the original ratings using the methodology described in section 2.1.
The results are in Panel A of Table 4. Consistent with our conjecture, we find that values-
oriented Sentiment is highly correlated with all five ESG scores.
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Second, we run a regression similar to (2) in which we now include ESG scores in-
dividually or combined. By doing so, we control for firm characteristics and industry-
time fixed effects, which may drive the correlation between ESG ratings and values-
oriented sentiment. Moreover, by including all ESG scores in a single regression, we
assess which ones possess the highest predictive power on investors’ perception of cor-
porate values as reflected in values-oriented sentiment. Because ESG raters disagree sub-
stantially (Avramov et al., 2022; Berg et al., 2022; Christensen et al., 2022), one might ex-
pect ESG ratings to have heterogeneous explanatory power on values-oriented sentiment.

Panel B of Table 4 reports the results. When ESG ratings are included individually in
columns 1 to 5, we find all of them positively correlate with values-oriented sentiment,
with highly statistically significant coefficients event after controlling form firm charac-
teristics and industry-time fixed effects. When combined in a single regression in col-
umn 6, we find ESG ratings have heterogeneous explanatory power on values-oriented
sentiment. In particular, Refinitiv and MSCI scores are statistically significant at the 1%
level, while Sustainalytics is marginally significant at the 10% level. Therefore, our re-
sults suggest that, after controlling firm characteristics, values-oriented investors appear
to primarily incorporate information from MSCI and Refinitiv among the set of available
ESG ratings.

Finally, according to the R2 in column 6 of Table 4, we conclude that ESG ratings,
firm-level characteristics, and time-industry fixed effects explain only 14% of the vari-
ance of values-oriented sentiment. Whereas a positive correlation between ESG ratings
and values-oriented sentiment provides validation to our measure of perceived corpo-
rate values, the low R2 suggests that values-oriented sentiment incorporates information
in addition to that provided by ESG raters. As we show in section 4, values-oriented
sentiment does indeed contain information about the future risk of corporate misconduct
and firm controversies.

[Insert Table 4 here]

3.3 PAST CORPORATE MISCONDUCT AND LITIGATION

We provide a second validation of values-oriented sentiment as a measure of perceived
corporate values. We now consider firms’ track records in terms of past misconduct
and controversies, as reflected in past regulatory fines and civil lawsuits, respectively.
If values-oriented sentiment is a valid measure of perceived corporate values, firms with
worse track records in terms of misconduct and controversies should be characterized by
a lower values-oriented sentiment. In other words, compared to other active investors,
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values-oriented investors should underweight companies that contributed negatively to
stakeholder welfare in the past. For corporate misconduct, we use data on fines and
penalties imposed on the firm by US federal and local agencies. To assess companies’
exposure to controversies, we use Lequity’s data on civil lawsuits filed against the firm in
state and federal courts.

We run the following panel regression:

ValuesSentimentit = γLegal Eventi,t−3→t + βXit + FEit + ϵit (3)

where the dependent variable, ValuesSentimentit, was defined in section 2.3. The variable
Legal Eventi,t−3→t measures firm i’s exposure to legal events in the year (four quarters)
up to and including quarter t. As legal events, we consider either regulatory penalties
or civil lawsuits filed against the company. Specifically, we define Misconducti,t−3→t as
an indicator taking the value of one if the firm was fined by a state or federal agency in
the four quarters leading up and including to quarter t. We define Litigationi,t−3→t as an
indicator taking the value of one if the firm was named defendant in a civil lawsuit in the
four quarters leading up to and including quarter t. The vector Xit contains the same firm-
level characteristics for firm i at year-quarter t used in regression (2), and include total
assets, book-to-market, ROA, leverage, CAPEX, institutional ownership, annual return,
CAPM beta, return volatility, and values-oriented breadth. These firm-level variables are
defined in Table 1 in the appendix. As fixed effects, FEit, we include either time fixed
effects or time-industry fixed effects. We cluster standard errors at the firm level.

We present results in Table 5. We find that, regardless of specification, companies that
were fined for corporate misconduct in the previous year exhibit current values of values-
oriented sentiment that are lower by 11 to 13 basis points. The effects hold economic
significance, as they represent between 4% and 5% relative to the standard deviation of
values-oriented sentiment (2.55). An analogous interpretation emerges when examining
the link between corporate lawsuits and values-oriented sentiment. Firms implicated in
controversies due to their involvement in civil lawsuits in the previous year exhibit levels
of values-oriented sentiment that are lower by 3 to 10 basis points.

Overall, in this section, we provided evidence that values-oriented sentiment repre-
sents a valid measure of perceived corporate values. Values-oriented investors not only
tilt their holdings consistently with ESG ratings, but they also incorporate past informa-
tion about companies’ track records in terms of stakeholder welfare as reflected in the
legal system. In the next section, we investigate whether values-oriented investors incor-
porate forward-looking information on corporate values when forming their portfolios.
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[Insert Table 5 here]

4 FORWARD-LOOKING INFORMATION ON CORPORATE MISCONDUCT

AND CONTROVERSIES

In this section, we show the revealed preferences of values-oriented investors contain
forward-looking information about future corporate misconduct and controversies. If
values-oriented investors receive new information about corporate values, they will ad-
just their holdings accordingly in anticipation of future legal events. Specifically, we show
changes in values-oriented sentiment predict a lower probability of regulatory fines and
civil litigation in the future. Furthermore, values-oriented investors appear to specifically
incorporate forward-looking information on firm values related to environmental and
labor concerns.

4.1 FUTURE MISCONDUCT

In section 3, we showed firms with a track record of past misconduct have lower levels of
values-oriented sentiment. Now, we study whether changes in values-oriented sentiment
predict future episodes of corporate misconduct. To investigate the predictive power of
changes in sentiment on misconduct, we run the following linear probability model:

Misconducti,t+1→t+4 = λ∆ValuesSentimentit + βXit + FEit + ϵit (4)

where the dependent variable Misconducti,t+1→t+4 is an indicator variable taking the value
of 1 if firm i received a regulatory fine in quarters t+1 through t+4. The main explanatory
variable ∆ValuesSentimentit is the change in ValuesSentimentit from quarter t − 1 to quar-
ter t. We measure ValuesSentimentit as in section 2.3. In our regressions, we standardize
∆ValuesSentimentit for ease of interpretation, thus expressing it in units of standard de-
viation. We also express the dependent variable in percentages. The vector Xit contains
the same firm-level characteristics for firm i at year-quarter t used in regression (2), and
include total assets, book-to-market, ROA, leverage, CAPEX, institutional ownership, an-
nual return, CAPM beta, return volatility, and values-oriented breadth. These firm-level
variables are defined in Table 1 in the appendix. As fixed effects, FEit, we include either
time fixed effects or time-industry fixed effects. We cluster standard errors at the firm
level.

We present results in the first two columns of Panel A in Table 6. We find that, regard-
less of the fixed effects we include, an increase in values-oriented sentiment predicts a
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lower probability of firms being fined by regulators. This effect is statistically significant
at the 1% level and economically important. Based on the estimate in column 2, a one
standard deviation increase in ∆ValuesSentimentit, which is equal to 2.55 bps, is associ-
ated with a 23.4 bps decline in the probability of being fined in the future. Given that the
average probability of being fined for corporate misconduct in our sample is 23%, this
effect represents a 1% of the unconditional probability.

One might be concerned that misconduct is autocorrelated and that values-oriented
funds change their holdings solely in response to observed misconduct. If this is the case,
changes in values-oriented sentiment would not contain forward-looking information on
future misconduct and, instead, would be spuriously correlated with it because of their
correlation with observed misconduct. To rule out this concern, in column 3 of Panel A in
Table 6, we include lead and lags of changes in values-oriented sentiment. Here, we show
that, whereas changes in values-oriented sentiment up to time t are correlated with mis-
conduct after time t, changes in values-oriented sentiment after time t are not. Therefore,
we provide evidence that changes in values-oriented sentiment contain forward-looking
information on the future risk of corporate violations because changes in values-oriented
sentiment are not correlated to contemporaneous corporate misconduct.

Next, we classify our sample of regulatory violations into four different categories:
environmental, labor, consumer protection, and financial violations. We report results in
Panel B of Table 6. Values-oriented investors appear to incorporate information about
future environmental and labor-related misconduct. We do not find any statistically sig-
nificant relation between changes in values-oriented sediment and future consumer pro-
tection and financial violations. In terms of economic magnitudes, a one standard devi-
ation increase in ∆ValuesSentimentit, equal to 2.55 bps, is associated to 11.1 bps and 12.1
bps declines in the unconditional probability of environmental and labor-related fines,
respectively.

[Insert Table 6 here]

4.2 FUTURE LITIGATION

Next, we show that changes in values-oriented sentiment predict future civil litigation.
We proceed as we did for future misconduct and run a regression similar to (4) in which,
now, we use Litigationi,t+1→t+4 as a dependent variable. This variable is an indicator taking
the value of 1 if firm i was named defendant in a civil suit in quarters t+ 1 through t+ 4.
To measure litigation, we use a novel dataset of civil complaints filed against corporations
in state and federal court, which we described in section 2.1.
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We report estimates in Table 7. The results are consistent with our findings on future
corporate misconduct. In Panel A, we show an increase in values-oriented sentiment
predicts a decline in litigation risk in the future. A one standard deviation increase in
∆ValueSentimentit, equal to 2.55 bps, is associated with a decline of about 26.8 bps in
the probability of future litigation. The magnitude is similar to our estimated predictive
relation between changes in sentiment and future misconduct. Given that the average
probability of being named defendant in our sample is 28%, this effect represents about
1% of the unconditional probability.

In Panel B, we separately consider civil litigation related to four different matters:
environmental, labor-related, consumer-related, and finance-related matters. We then
run predictive regressions of matter-specific litigation on the change in values-oriented
sentiment. Consistent with analogous tests on category-specific misconduct, we find
changes in values-oriented sentiment best predict litigation risk in environmental and
labor-related matters. The relation is highly statistically significant and, economically, a
one standard deviation increase in ∆ValueSentimentit, equal to 2.55 bps, predicts a decline
in the risk of environment-related and labor-related litigation equal to 21.0 bps and 31.0
bps, respectively.

[Insert Table 7 here]

5 STOCK RETURNS

In this section, we explore whether stocks that experience an increase in values-oriented
sentiment generate lower returns in the subsequent quarter. A combination of these re-
sults and the findings of section 4 would be consistent with values-oriented investors
trading off performance for lower legal risk in their portfolio.

We start by investigating whether changes in values-oriented sentiment predict the
future performance of stocks. We conduct two sets of tests. First, we form quarterly-
rebalanced portfolios of stocks based on changes in sentiment. We then investigate their
performance in the next quarter. Second, we run Fama and Macbeth (1973) regressions to
study the cross-sectional relation between changes in sentiment and future return. Both
sets of tests indicate an increase in values-oriented sentiment is associated with negative
stock performance in the future.
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5.1 QUARTERLY-REBALANCED PORTFOLIOS

As a starting point for our analysis, we construct quarterly rebalanced value-weighted
portfolios. For each quarter t, we sort stocks into portfolios based on the change in values-
oriented sentiment from quarter t−1 to quarter t. We then study the performance of these
portfolios in the subsequent quarter, t + 1. We assess performance using the portfolios’
alpha in a Fama and French (2015) five-factor model, which includes the market (Mkt -
RF), size (SMB), value (HML), profitability (RMW), and investment (CMA) factors. We
obtain these factors from Kenneth French’s website.

Results are in Table 8. We form portfolios by weighting stocks based on their mar-
ket capitalization. In the first three columns, we sort stocks based on whether they ex-
perienced a negative change in values-oriented sentiment or whether they experienced
a positive change. In the last three columns, we rank stocks according to their change
in values-oriented sentiment. We then form portfolios of stocks in the first quintile and
stocks in the fifth quintile. Results in columns 3 and 6 show the performance of long-short
portfolios. In column 3, the portfolio is formed by buying stocks with positive changes in
sentiment and shorting stocks with negative changes in sentiment. In column 6, the port-
folio is formed by buying stocks in the fifth quintile of changes in sentiment and shorting
stocks in the first quintile.

According to the results on long-short portfolios in columns 3 and 6, changes in sen-
timent are associated with worse stock performance in the future. The results are not
only statistically significant but also economically meaningful. An investor that forms a
value-weighted zero-investment portfolio by going long stocks with a positive change in
sentiment and shorting stocks with negative changes in sentiment earns quarterly an al-
pha of -0.548%. Over the course of a year, this represents a risk-adjusted return of -2.2%.
Estimates from other long-short portfolios in table 8 suggest annual risk-adjusted returns
ranging from -0.5% to 1.6%.

[Insert Table 8 here]

5.2 FAMA AND MACBETH (1973) REGRESSIONS

In the next set of tests, we show that results on the predictive power of changes in senti-
ment on performance are robust to the inclusion of stock-level controls. Because various
firm-level characteristics correlate with values-oriented sentiment and stock return, we
control for them using Fama and Macbeth (1973) regressions.

We run Fama and Macbeth (1973) regressions of stock performance on lagged changes
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in ESG sentiment and firm-level control variables as follows:

Rit+1 = γ∆ValuesSentimentit + βXit + ϵit (5)

where the dependent variable Rit represents stock i’s peformance in quarter t + 1. We
use three different measures of stock performance: the stock’s market-adjusted return,
calculated as difference between the stock’s return and the market return in quarter t +

1; CAPM Alpha, calculated as the intercept in a CAPM regression of daily excess stock
returns on daily excess market returns in quarter t + 1; and five-factor alpha, calculated
as the intercept in a five-factor regression of daily excess stock returns on daily returns of
the Fama and French (2015) factors in quarter t+ 1.

The main explanatory variable, ∆ValuesSentimentit, is the change in values-oriented
sentiment from quarter t−1 to quarter t for stock i. Values-oriented sentiment was defined
in section 2.3, and we standardize ∆ValuesSentimentit for ease of interpretation. The vector
Xit includes characteristics for firm i in quarter t. These firm-level variables, defined in
Table 1 in the appendix, include market-cap, book-to-market, ROA, leverage, CAPEX,
institutional ownership, annual return, CAPM beta, return volatility, and ESG breadth.
We adjust for potential autocorrelation and heteroskedasticity by employing Newey-West
standard errors with a lag length of 3. The results are presented in Table 9.

We find that, regardless of the measure of performance we use, the coefficient on
∆ValuesSentimentit is negative and statistically significant. In economic terms, this neg-
ative coefficient indicates that a one standard deviation increase in ∆ValuesSentimentit,
equal to 2.55 bps, is associated with a decline in annual performance ranging from 6.7bps
× 4 = 26.8% and 11.5 × 4 = 46.0 bps in terms of risk-adjusted returns.

[Insert Table 9 here]

Therefore, combining our results, we find robust evidence that firms deliver lower ex-
pected returns after experiencing an improvement in values-oriented sentiment. These
findings are consistent with the notion that to fulfill their dual mandate, values-oriented
investors need to trade off risk-adjusted performance for stakeholder welfare in their
portfolio.

6 DYNAMIC ATTENTION ALLOCATION

Lastly, we further investigate the mechanism behind our results. If values-oriented funds
rationally assess the trade-off between non-pecuniary values and financial performance,
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the predictive power of changes in sentiments on returns and legal events should reflect
the relative level of attention investors pay to non-pecuniary values.

To pursue their dual mandate, values-oriented investors need to acquire private infor-
mation about firms’ non-pecuniary values and future financial performance. If investors
allocate attention rationally, they will shift attention toward non-pecuniary values when
public information on a firm’s values is more uncertain and when information on its fi-
nancial performance is harder to assess. In these two cases, changes in values-oriented
sentiment should be particularly predictive of worse future performance because values-
oriented investors shift their attention to non-pecuniary values.

We proxy for uncertainty in the public information on a firm’s non-pecuniary values
using the dispersion of ESG ratings. For each month t and each firm i, we compute the
standard deviations of the ratings provided by five of the most important ESG rating
companies (KLD, MSCI, Refinitiv, Sustainalytics, and TVL). As we discussed in section
3.2, values-oriented funds appear to incorporate information from ESG ratings in placing
their values-oriented bets. Therefore, the dispersion in ESG ratings proxies uncertainty in
the public information available on a firm’s non-pecuniary values. As described in section
2.1, we transform ratings into scores so that each ESG score is uniformly distributed over
the [0,100] interval.

We proxy for the difficulty in assessing information on the financial performance of
a firm using the dispersion in the holdings of non-values-oriented active funds. Active
funds specialize in acquiring information about the financial performance of stocks. If
active funds disagree on the future financial performance of a stock, their holdings will
reflect their disagreement.

To compute active disagreement for each active fund and for each quarter, we compare
its holdings to the holdings of its active benchmark. We define the active benchmark as
the portfolio formed by an AUM-weighted average of the holdings of all non-values-
oriented active with the same style of the fund under consideration. For each stock i and
each fund f in quarter t, we compute the difference between the weight of stock i in f ’s
portfolio and the weight of stock i in f ’s active benchmark, obtaining a measure of the bet
placed by fund f on stock i relative to funds with the same style. Then, for each quarter
t and stock i, we compute the standard deviation of these bets, thus obtaining a measure
of disagreement among active funds.

Using these two proxies for the incentives to acquire information on non-pecuniary
values, for each quarter, we sort stocks based on whether the change in ESG-rating dis-
agreement or active disagreement is below or above the median change in the quarter.
We then investigate the predictive power of changes in sentiment on future performance
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in these two groups. Specifically, we run Fama and Macbeth (1973) regressions like (5) for
the two groups separately and test whether the predictive power of changes in values-
oriented sentiment is strongest primarily from stocks experiencing an increase in the dis-
persion of ESG ratings or an increase in the dispersion in active holdings.

Results are in Table 10. In Panel A, we split the sample based on changes in the dis-
persion of ESG ratings. In Panel B, we split the sample based on changes in active-fund
disagreement. In this section, we focus on the predictive power of changes in sentiment
on financial performance.

Consistent with our hypotheses, we find that an increase in values-oriented sentiment
is most predictive of future underperformance for stocks that experienced the largest in-
crease in ESG-rating dispersion or active-investor disagreement. For stocks with the high-
est increase in ESG-rating dispersion, a one standard deviation increase in ∆Values Sen-
timent, equal to 2.55 bps, is associated with an annual risk-adjusted annual performance
ranging from 11.4 bps × 4 = 46.8 bps to 15.4 bps × 4 = 61.6 bps, depending on the risk-
adjustment one uses. For stocks with the highest increase in active-fund disagreement, a
one standard deviation increase in ∆Values Sentiment, equal to 2.55 bps, is associated with
an annual risk-adjusted annual performance ranging from 10.4 bps × 4 = 41.8 bps to 17.1
bps × 4 = 68.4 bps. Coefficients for stocks with higher levels of investor disagreement are
3.4 to 3.8 times larger than coefficients for stocks with low levels of investor disagreement.

Next, we test the predictive power of our firm-level variable of values sentiment on
regulatory risk for high and low levels of uncertainty. The results are presented in Table
11. We show that our variable of interests, ∆Values Sentiment, only predicts corporate
misconduct and litigation risk with statistical power when the firm is dominated by either
high levels of ESG rating disagreement or high levels of active fund disagreement.

[Insert Tables 10 and 11 here]

Therefore, our tests indicate that values-oriented funds allocate attention rationally to
pursue their dual mandate. In particular, we show changes in sentiment best predict both
future financial underperformance and corporate misconduct behavior and litigation risk
when public uncertainty about a firm’s corporate values is higher and when pecuniary
information about the firm is harder to assess.

7 CONCLUSIONS

As investors increasingly focus on integrating non-pecuniary values into investment de-
cisions, they face a trade-off between pursuing financial goals and pursuing ethical, en-
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vironmental, or social objectives. With our research, we provide evidence investors cor-
rectly anticipate future information about companies’ exposure to misconduct and con-
troversies. However, they sacrifice performance to hold stocks with better corporate val-
ues.

By analyzing the revealed preferences of values-oriented investors through their port-
folio holdings, we obtain a measure of the sentiment of values-oriented investors. This
measure reflects these investors’ perceptions of a company’s non-pecuniary values. Us-
ing this measure of perceived corporate values, we show that values-oriented investors
consider current and forward-looking information about corporate misconduct and con-
troversies in their investment decisions. We also show that values-oriented investors sac-
rifice financial performance to align their portfolios with companies exhibiting better cor-
porate values and lower legal risk.

24



REFERENCES

Alekseev, G., Giglio, S., Maingi, Q., Selgrad, J., and Stroebel, J. (2022). A Quantity-Based
Approach to Constructing Climate Risk Hedge Portfolios.

Alok, S., Kumar, N., and Wermers, R. (2020). Do Fund Managers Misestimate Climatic
Disaster Risk. Review of Financial Studies, 33(3):1146–1183.

Antón, M., Cohen, R. B., and Polk, C. (2021). Best Ideas.

Ardia, D., Bluteau, K., Boudt, K., and Inghelbrecht, K. (2023). Climate Change Concerns
and the Performance of Green vs. Brown Stocks. Management Science.

Ash, E., Chen, D. L., and Naidu, S. (2022). Ideas Have Consequences: The Impact of Law
and Economics on American Justice. NBER Working Paper Series.

Aswani, J., Raghunandan, A., and Rajgopal, S. (2023). Are Carbon Emissions Associated
with Stock Returns? Review of Finance.

Avramov, D., Cheng, S., Lioui, A., and Tarelli, A. (2022). Sustainable investing with ESG
rating uncertainty. Journal of Financial Economics, 145(2):642–664.

Azar, J., Duro, M., Kadach, I., and Ormazabal, G. (2021). The Big Three and corporate
carbon emissions around the world. Journal of Financial Economics, 142(2):674–696.

Bansal, R., Wu, D. A., and Yaron, A. (2022). Socially Responsible Investing in Good and
Bad Times. Review of Financial Studies, 35(4):2067–2099.

Berg, F., Heeb, F., and Kölbel, J. F. (2023). The Economic Impact of ESG Ratings.

Berg, F., Kö Lbel, J. F., and Rigobon, R. (2022). Aggregate Confusion: The Divergence of
ESG Ratings. Review of Finance, 26(6):1315–1344.

Berk, J. B. and Van Binsbergen, J. H. (2022). The Impact of Impact Investing.

Bolton, P. and Kacperczyk, M. (2021). Do investors care about carbon risk? . Journal of
Financial Economics, 142:517–549.

Bolton, P. and Kacperczyk, M. (2023). Global Pricing of Carbon-Transition Risk. Journal of
Finance.

Bonnefon, J.-F., Landier, A., Sastry, P. R., and Thesmar, D. (2022). The Moral Preferences
of Investors: Experimental Evidence. NBER Working Paper Series.

Cassella, S. and Rizzo, A. E. (2023). The equity value implications of court ideology:
Evidence from federal judge turnover. Journal of Corporate Finance, 79:102390.

25



Chava, S. (2014). Environmental externalities and cost of capital. Management Science,
60(9):2223–2247.

Chen, H.-L., Jegadeesh, N., and Wermers, R. (2000). The Value of Active Mutual Fund
Management: An Examination of the Stockholdings and Trades of Fund Managers.
Journal of Financial and Quantitative Analysis, 35(3):343–368.

Chen, J., Hong, H., and Stein, J. C. (2002). Breadth of ownership and stock returns. Journal
of Financial Economics, 66:171–205.

Chen, L., Chen, Y., Kumar, A., and Leung, W. S. (2022). Firm-Level ESG Information and
Active Fund Management.

Chen, T., Dong, H., and Lin, C. (2020). Institutional shareholders and corporate social
responsibility. Journal of Financial Economics, 135(2):483–504.

Choi, D., Gao, Z., and Jiang, W. (2020). Attention to Global Warming. Review of Financial
Studies, 33(3):1112–1145.

Christensen, D. M., Serafeim, G., and Sikochi, A. (2022). Why is Corporate Virtue in the
Eye of The Beholder? The Case of ESG Ratings. In Accounting Review, volume 97, pages
147–175. American Accounting Association.

Cohen, R. B., Coval, J. D., and Pástor, (2005). Judging Fund Managers by the Company
They Keep. Journal of Finance, 60(3):1057–1096.

Cremers, K. J. M. and Petajisto, A. (2009). How Active Is Your Fund Manager? A New
Measure That Predicts Performance. Review of Financial Studies, 22(9):3329–3365.

Cremers, K. J. M., Riley, T. B., and Zambrana, R. (2023). The Complex Materiality of ESG
Ratings: Evidence from Actively Managed ESG Funds.

Dikolli, S. S., Frank, M. M., Guo, Z. M., and Lynch, L. J. (2022). Walk the talk: ESG mutual
fund voting on shareholder proposals. Review of Accounting Studies, 27(3):864–896.

Dougal, C., Griffin, T. P., and Hutton, I. (2022). A Culture of Discrimination: Evidence on
the Causes and Consequences of Civil Rights Litigation Against U.S. Corporations.

Dyck, A., Lins, K. V., Roth, L., and Wagner, H. F. (2019). Do institutional investors drive
corporate social responsibility? International evidence. Journal of Financial Economics,
131(3):693–714.

Elton, E. J., Gruber, M. J., and Blake, C. R. (2001). A First Look at the Accuracy of the
CRSP Mutual Fund Database and a Comparison of the CRSP and Morningstar Mutual
Fund Databases. Journal of Finance, 56(6):2415–2430.

26



Engle, R. F., Giglio, S., Kelly, B., Lee, H., and Stroebel, J. (2020). Hedging Climate Change
News. Review of Financial Studies, 33(3):1184–1216.

Evans, R. B. (2010). Mutual Fund Incubation. Journal of Finance, 65(4):1581–1611.

Fama, E. F. and French, K. R. (2007). Disagreement, tastes, and asset prices. Journal of
Financial Economics, 83:667–689.

Fama, E. F. and French, K. R. (2015). A five-factor asset pricing model. Journal of Financial
Economics, 116(1):1–22.

Fama, E. F. and Macbeth, J. D. (1973). Risk, Return, and Equilibrium: Empirical Tests.
Journal of Political Economy, 81(3):607–636.

Franke, B., Huang, A. H., Li, R. Z., and Wang, H. (2023). Securities law precedents, legal
liability, and financial reporting quality. Review of Finance.

Freeman, R. E. (2010). Strategic management: A stakeholder approach. Cambridge University
Press, Cambridge.

Geczy, C. C., Stambaugh, R. F., and Levin, D. (2021). Investing in Socially Responsible
Mutual Funds. The Review of Asset Pricing Studies, 11(2):309–351.

Ghoul, S. E., Guedhami, O., Kwok, C. C. Y., and Mishra, D. R. (2011). Does corporate social
responsibility affect the cost of capital? Journal of Banking & Finance, 35:2388–2406.

Gibson Brandon, R., Glossner, S., Krueger, P., Matos, P., and Steffen, T. (2022). Do Respon-
sible Investors Invest Responsibly? Review of Finance, 26(6):1389–1432.

Giglio, S., Maggiori, M., Stroebel, J., Tan, Z., Utkus, S., and Xu, X. (2023). Four Facts About
ESG Beliefs and Investor Portfolios. NBER Working Paper Series.

Grossman, S. J. and Stiglitz, J. E. (1980). On the Impossibility of Informationally Efficient
Markets. American Economic Review, 70(3):393–408.

Hart, O. and Zingales, L. (2017). Companies Should Maximize Shareholder Welfare Not
Market Value. Journal of Law, Finance, and Accounting, 2:247–274.

Hartzmark, S. M. and Sussman, A. B. (2019). Do Investors Value Sustainability? A Natural
Experiment Examining Ranking and Fund Flows. Journal of Finance, 74(6):2789–2837.

Heath, D., Macciocchi, D., Michaely, R., and Ringgenberg, M. C. (2023). Does Socially
Responsible Investing Change Firm Behavior? Review of Finance.

Heeb, F., Kölbel, J. F., Paetzold, F., and Zeisberger, S. (2023). Do Investors Care about
Impact? The Review of Financial Studies, 36(5):1737–1787.

Hirai, A. and Brady, A. (2021). Managing ESG Data and Rating Risk.

27



Hoepner, A. G., Oikonomou, I., Sautner, Z., Starks, L. T., and Zhou, X. Y. (2022). ESG
Shareholder Engagement and Downside Risk. ECGI Finance Working Paper.

Hong, H. and Kacperczyk, M. (2009). The price of sin: The effects of social norms on
markets $. Journal of Financial Economics, 93:15–36.

Hsu, P.-h. and Tsou, C.-y. (2023). The Pollution Premium. Journal of Finance, 78(3):1343–
1392.

Humphrey, J., Kogan, S., Sagi, J., and Starks, L. (2021). The Asymmetry in Responsible
Investing Preferences. NBER Working Paper Series.

Hunter, D., Kandel, E., Kandel, S., and Wermers, R. (2014). Mutual fund performance
evaluation with active peer benchmarks. Journal of Financial Economics, 112(1):1–29.

Jiang, H. and Sun, Z. (2014). Dispersion in beliefs among active mutual funds and the
cross-section of stock returns. Journal of Financial Economics, 114(2):341–365.

Jiang, H., Verbeek, M., and Wang, Y. (2014). Information content when mutual funds
deviate from benchmarks. Management Science, 60(8):238–253.

Kacperczyk, M., Van Nieuwerburgh, S., and Veldkamp, L. (2016). A Rational Theory of
Mutual Funds’ Attention Allocation. Econometrica, 84(2):571–626.

Kim, S. and Yoon, A. (2022). Analyzing Active Fund Managers’ Commitment to ESG:
Evidence from the United Nations Principles for Responsible Investment. Management
Science.

Krueger, P., Sautner, Z., and Starks, L. T. (2020). The Importance of Climate Risks for
Institutional Investors. Review of Financial Studies, 33(3):1067–1111.

Lanjouw, J. O. and Schankerman, M. (2001). Enforcing Intellectual Property Rights. NBER
Working Paper Series.

Li, S., Ruan, H., Titman, S., and Xiang, H. (2023). ESG Spillovers. NBER Working Paper
Series.

Lins, K. V., Servaes, H., and Tamayo, A. (2017). Social Capital, Trust, and Firm Perfor-
mance: The Value of Corporate Social Responsibility during the Financial Crisis. Journal
of Finance, 72(4):1785–1824.

Lowry, M., Wang, P., and Wei, K. D. (2023). Are All ESG Funds Created Equal? Only
Some Funds Are Committed. ECGI Working Paper Series in Finance.

Matsumura, E. M., Prakash, R., and Vera-Muñoz, S. C. (2014). Firm-Value Effects of Car-
bon Emissions and Carbon Disclosures. Accounting Review, 89(2):695–724.

28



Pástor, , Stambaugh, R. F., and Taylor, L. A. (2021). Sustainable investing in equilibrium.
Journal of Financial Economics.

Pástor, , Stambaugh, R. F., and Taylor, L. A. (2022). Dissecting green returns. Journal of
Financial Economics, 146:403–424.

Pástor, , Stambaugh, R. F., and Taylor, L. A. (2023). Green Tilts.

Pedersen, L. H., Fitzgibbons, S., and Pomorski, L. (2020). Responsible investing: The
ESG-efficient frontier. Journal of Financial Economics.

Pomorski, L. (2009). Acting on the Most Valuable Information: "Best Idea" Trades of
Mutual Fund Managers.

Raghunandan, A. and Rajgopal, S. (2022). Do ESG funds make stakeholder-friendly in-
vestments? Review of Accounting Studies, pages 1–42.

Ramelli, S., Wagner, A. F., Zeckhauser, R. J., and Ziegler, A. (2021). Investor Rewards to
Climate Responsibility: Stock-Price Responses to the Opposite Shocks of the 2016 and
2020 U.S. Elections. Review of Corporate Finance Studies, 10(4):748–787.

Riedl, A. and Smeets, P. (2017). Why Do Investors Hold Socially Responsible Mutual
Funds? The Journal of Finance, 72(6):2505–2550.

Starks, L., Venkat, P., and Zhu, Q. (2018). Corporate ESG Profiles and Investor Horizons.

Wermers, R., Yao, T., and Zhao, J. (2012). Forecasting Stock Returns Through an Efficient
Aggregation of Mutual Fund Holdings. Review of Financial Studies, 25(12):3490–3529.

29



A FIGURES AND TABLES

(a) Number of values-oriented funds (b) AUM of values-oriented funds

(c) Market share of values-oriented funds (d) Stocks held by values-oriented funds

Figure 1: Trends in values-oriented investing. The figures plot the number of values-oriented funds, their
total AUM, the market share in terms of AUM relative to the total assets management by US domestic
equity funds, and the number of portfolio companies held by values-oriented funds.
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(a) Level of values-oriented sentiment (b) Change in values-oriented sentiment

Figure 2: Distribution of levels and changes of values-oriented sentiment. Frequency distribution of the
level of values-oriented sentiment and the quarterly changes in values-oriented sentiment in firm-quarter
panel data. Sentiment is measured at the firm-quarter level. The change in sentiment is calculated as the
quarter-to-quarter change in a firm’s level of sentiment.
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Table 1: Variable definitions

Variable Definition
Sentiment Variables
ValuesSentimentit Computed as the average of the values-oriented bets of values-oriented funds on stock i in quarter t.

We define values-oriented sentiment in section 2.3
∆ValuesSentimentit Defined as the change between t− 1 and t in ValuesSentimentit.

Firm Variables
Total Assetsit (log) Natural logarithm of a firm’s total assets. Source: Compustat
Market Capit (log) Natural logarithm of a firm’s market capitalization. Source: CRSP
Book-to-Marketit The ratio of the book value of equity to the market value of equity. Source: Compustat.
ROAit Ratio of earnings before interest, taxes, depreciation, and amortization to total assets. Source: Compu-

stat
Leverageit Ratio of long-term debt plus short-term debt to total assets. Source: Compustat
CAPEXit Ratio of firm capital expenditures to total assets. Source: Compustat
Institutional Ownershipit The percentage of firm shares held by institutional investors. Source: Thomson Reuters 13F filings.
Annual Returnit Cumulative stock return over the 12 months going from t− 12 to t− 1. Source: CRSP.
CAPM Betait Coefficient obtained by regressing daily firm stock returns on the daily market factor. We require a

minimum of 21 days of valid returns in a quarter; otherwise, we code the observation as missing.
Return Volatilityit Standard deviation of daily firm stock returns, computed using daily returns in a quarter. We require a

minimum of 21 days of valid returns in a quarter; otherwise, we code the observation as missing.
ValuesBreadthit Computed as the ratio of the number of ESG funds holding stock i to the total number of ESG funds

active at date t.

ESG Rating Variables
KLD Scoreit Defined as the sum of all the strengths minus all the concerns. Source: KLD.
MSCI Scoreit Defined as the MSCI ESG Intangible Value Assessment (UVA). Source: MSCI.
Refinitiv Scoreit Defined as the ESG Combined Score. Source: Refinitiv.
Sustainalytics Scoreit Defined as the the Sustainalytics Rank. Source: Sustainalytics.
TVL Scoreit Defined as the Insight Score. Source: TVL.

Corporate Misconduct Variables
Misconducti,t→s An indicator variable coded as 1 if the firm is involved in corporate misconduct in the quarters

ranging from t to s. We select corporate misconduct classified as: “consumer-protection-related
offenses”, “employment-related offenses”, “healthcare-related offenses”, “safety-related offenses”,
“environment-related offenses”, “financial offenses”. We exclude cases related to private litigation.
Source: Violation Tracker

Litigationi,t→s An indicator variable coded as 1 if the firm is involved in civil litigation in the quarters ranging from t
to s. We select corporate lawsuits as any lawsuit classified as: “environment lawsuit”, “labor lawsuit”,
“consumer lawsuit”, “governance lawsuit”. We manually classify corporate lawsuits in those four
categories. Source: Lequity
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Table 2: Summary Statistics

This table shows mean, standard deviation, 10th percentile, median, 90th percentile, and the number of
observations in a quarterly panel of the main firm characteristics used in the paper. The sample period runs
from 2011 to 2022. All variables are defined in Table 1 of the Appendix.

Mean SD P10 P50 P90 Observations

ValuesSentiment (bps) -0.00 2.55 -2.72 -0.03 2.79 99,416
∆ ValuesSentiment (bps) 0.00 1.42 -1.45 0.00 1.46 99,416
Total Assets (log $) 7.93 1.75 5.73 7.85 10.21 99,416
Market Cap (log $) 7.86 1.61 5.85 7.73 10.03 94,872
Book-to-Market (%) 49.63 46.96 9.66 41.32 99.40 99,416
ROA (%) 0.43 4.67 -2.20 0.76 3.33 99,416
Return Volatility (%) 23.55 22.64 0.00 19.93 51.74 99,416
CAPEX (%) 0.86 1.27 0.01 0.49 2.02 99,416
Institutional Ownership (%) 62.45 33.26 0.00 75.19 94.49 99,416
Annual Return (%) 18.33 65.15 -26.18 11.20 61.66 99,416
CAPM Beta 1.18 0.63 0.49 1.09 1.95 99,416
Return Volatility (%) 2.33 1.36 1.11 1.96 3.99 99,416
ValuesBreadth (%) 5.35 4.80 1.29 4.00 11.11 99,416
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Table 3: Values-Oriented Sentiment and Firm-Level Characteristics

This table shows the relation between values-oriented sentiment and contemporaneous firm characteris-
tics. The dependent variable, ValuesSentimentit, is computed as the average values-oriented bet of values-
oriented funds on stock i in quarter t, as described in section 2.3. All independent variables are expressed in
units of standard deviation. The sample period runs from 2011 to 2022. t-statistics based on standard errors
clustered at the firm level are reported in parentheses. * denotes significance at the 10% level, ** denotes
significance at the 5% level, and *** denotes significance at the 1% level. All variables are defined in Table 1
of the Appendix.

ValuesSentimentit

(1) (2) (3)

Total Assetsit -0.552∗∗∗ -0.572∗∗∗ -0.729∗∗∗

(-11.79) (-11.86) (-13.35)
Book-to-Marketit 0.206∗∗∗ 0.222∗∗∗ 0.135∗∗∗

(6.10) (6.12) (4.39)
ROAit -0.049∗∗∗ -0.045∗∗∗ -0.068∗∗∗

(-3.38) (-3.22) (-3.94)
Leverageit 0.106∗∗∗ 0.101∗∗∗ 0.118∗∗∗

(3.09) (2.92) (3.23)
CAPEXit -0.066∗∗∗ -0.057∗∗ -0.026

(-2.91) (-2.49) (-0.90)
Institutional Ownershipit 0.007 0.011 0.019

(0.33) (0.48) (0.79)
Annual Returnit -0.043∗∗∗ -0.046∗∗ -0.059∗∗∗

(-2.63) (-2.49) (-2.91)
CAPM Betait 0.035 0.043∗ 0.063∗∗

(1.43) (1.76) (2.51)
Return Volatilityit -0.070∗∗∗ -0.083∗∗∗ 0.016

(-4.90) (-4.34) (0.72)
ValuesBreadthit 0.624∗∗∗ 0.652∗∗∗ 0.779∗∗∗

(8.16) (8.09) (9.04)

Time FE Yes Absorbed
Time x Industry FE Yes
Observations 99,416 99,416 99,416
Adjusted R2 0.042 0.043 0.070
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Table 4: Values-Oriented Sentiment and ESG Ratings

This table shows the relation between values-oriented sentiment and contemporaneous ESG Ratings. Panel
A shows correlations between a firm’s values-oriented sentiment and the firm’s ESG Ratings. Panel B shows
the results of panel regressions of values-oriented sentiment on ESG ratings and firm characteristics. The
dependent variable, ValuesSentimentit, is computed as the average values-oriented bet of values-oriented
funds on stock i in quarter t, as described in section 2.3. ESG ratings come from KLD (column 1), MSCI
(column 2), Refinitiv (column 3), Sustainalytics (column 4), and TVL (column 5). In column 6, we include
all ratings. Ratings are transformed into scores ranging from 0 to 100 using the methodology described in
section 2.1 and are expressed in units of standard deviation. Firm characteristics include all the variables
used in Table 3. The sample period runs from 2011 to 2022. t-statistics based on standard errors clustered
at the firm level are reported in parentheses. * denotes significance at the 10% level, ** denotes significance
at the 5% level and *** denotes significance at the 1% level. All variables are defined in Table 1 of the
Appendix.

Panel A: Correlation

ESG Sentimentit KLD Scoreit MSCI Scoreit Refinitiv Scoreit Sustainalytics Scoreit TVL Scoreit

ESG Sentimentit 1.000
KLD Scoreit 0.031∗∗∗ 1.000
MSCI Scoreit 0.113∗∗∗ 0.373∗∗∗ 1.000
Refinitiv Scoreit 0.058∗∗∗ 0.492∗∗∗ 0.370∗∗∗ 1.000
Sustainalytics Scoreit 0.043∗∗∗ 0.354∗∗∗ 0.272∗∗∗ 0.427∗∗∗ 1.000
TVL Scoreit 0.048∗∗∗ 0.046∗∗∗ 0.129∗∗∗ 0.037∗∗∗ 0.025∗∗∗ 1.000

Panel B: Multivariate Analysis

ValuesSentimentit

(1) (2) (3) (4) (5) (6)

KLD Scoreit 0.102∗∗ -0.068
(2.18) (-1.12)

MSCI Scoreit 0.187∗∗∗ 0.163∗∗∗

(4.63) (2.89)
Refinitiv Scoreit 0.249∗∗∗ 0.242∗∗∗

(5.05) (3.51)
Sustainalytics Scoreit 0.331∗∗∗ 0.184∗

(4.27) (1.88)
TVL Scoreit 0.071∗∗∗ 0.043

(2.84) (1.17)

Firm Characteristicsit Yes Yes Yes Yes Yes Yes
Time x Industry FE Yes Yes Yes Yes Yes Yes
Observations 85,261 79,522 74,449 70,581 83,926 45,963
Adjusted R2 0.098 0.101 0.113 0.110 0.095 0.140
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Table 5: Values-Oriented Sentiment and Past Legal Events

This table shows the relation between values-oriented sentiment and past corporate misconduct and litiga-
tion. The dependent variable, ValuesSentimentit, is computed as the average values-oriented bet of values-
oriented funds on stock i in quarter t, as described in section 2.3. All independent variables are expressed
in units of standard deviation. In the first three columns, the independent variable Misconducti,t−3→t is an
indicator taking the value of one if the firm was fined by a state or federal agency in the four quarters lead-
ing up and including to quarter t. In the last three columns, the main independent variable Litigationi,t−3→t

is an indicator taking the value of one if the firm was named defendant in a civil lawsuit in the four quarters
leading up to and including quarter t. Firm characteristics include all the variables used in Table 3. The
sample period runs from 2011 to 2022. t-statistics based on standard errors clustered at the firm level are
reported in parentheses. * denotes significance at the 10% level, ** denotes significance at the 5% level and
*** denotes significance at the 1% level. All variables are defined in Table 1 of the Appendix.

ValuesSentimentit

(1) (2) (3) (4) (5) (6)

Misconductit -0.110∗∗∗ -0.107∗∗∗ -0.128∗∗∗

(-3.45) (-3.33) (-4.01)
Litigationit -0.026∗∗∗ -0.103∗∗∗ -0.071∗∗

(-3.24) (-3.04) (-2.18)
Total Assetsit -0.518∗∗∗ -0.538∗∗∗ -0.683∗∗∗ -0.110∗∗∗ -0.540∗∗∗ -0.703∗∗∗

(-11.39) (-11.47) (-12.80) (-9.45) (-11.43) (-13.00)
Book-to-Marketit 0.204∗∗∗ 0.219∗∗∗ 0.132∗∗∗ 0.041∗∗∗ 0.215∗∗∗ 0.131∗∗∗

(6.07) (6.09) (4.33) (5.63) (6.12) (4.35)
ROAit -0.049∗∗∗ -0.045∗∗∗ -0.071∗∗∗ -0.008∗∗ -0.045∗∗∗ -0.069∗∗∗

(-3.40) (-3.22) (-4.15) (-2.39) (-3.23) (-4.02)
Leverageit 0.111∗∗∗ 0.105∗∗∗ 0.117∗∗∗ 0.024∗∗∗ 0.105∗∗∗ 0.118∗∗∗

(3.20) (3.04) (3.20) (3.09) (3.11) (3.27)
CAPEXit -0.052∗∗ -0.044∗∗ -0.023 -0.012∗∗ -0.051∗∗ -0.025

(-2.34) (-1.96) (-0.83) (-2.00) (-2.25) (-0.87)
Institutional Ownershipit 0.014 0.018 0.025 0.002 0.014 0.021

(0.66) (0.78) (1.04) (0.47) (0.62) (0.88)
Annual Returnit -0.044∗∗∗ -0.046∗∗ -0.059∗∗∗ -0.009∗∗∗ -0.046∗∗ -0.059∗∗∗

(-2.66) (-2.52) (-2.95) (-2.66) (-2.53) (-2.94)
CAPM Betait 0.038 0.046∗ 0.064∗∗ 0.009 0.042∗ 0.061∗∗

(1.56) (1.86) (2.55) (1.63) (1.73) (2.45)
Return Volatilityit -0.072∗∗∗ -0.082∗∗∗ 0.016 -0.015∗∗∗ -0.082∗∗∗ 0.015

(-5.06) (-4.31) (0.71) (-4.80) (-4.32) (0.67)
ValuesBreadthit 0.634∗∗∗ 0.660∗∗∗ 0.786∗∗∗ 0.126∗∗∗ 0.667∗∗∗ 0.787∗∗∗

(8.17) (8.10) (9.04) (6.89) (8.30) (9.15)

Time FE Yes Absorbed Yes Absorbed
Time x Industry FE Yes Yes
Observations 99,416 99,416 99,416 99,416 99,416 99,416
Adjusted R2 0.044 0.045 0.091 0.043 0.045 0.090
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Table 6: Changes in Values-Oriented Sentiment and Future Misconduct

This table shows the relation between changes in values-oriented sentiment and future corporate miscon-
duct. ∆ ValuesSentimentit is the change in values-oriented sentiment from quarter t−1 to quarter t for firm i,
and it is expressed in units of standard deviation. In Panel A, the dependent variable is an indicator taking
the value of one if the firm is fined by a federal or local government agency in the subsequent four quarters.
In Panel B, we separately consider regulatory fines related to environmental, labor, consumer protection,
and financial violations in quarters t+ 1 through t+ 4. Firm characteristics include all variables in Table 3.
The sample period runs from 2011 to 2022. t-statistics based on standard errors clustered at the firm level
are reported in parentheses. * denotes significance at the 10% level, ** denotes significance at the 5% level
and *** denotes significance at the 1% level. All variables are defined in Table 1 of the Appendix.

Panel A: All Misconduct Categories

Misconducti,t+1→t+4

(1) (2) (3)

∆ ValuesSentimentit−2 -0.349∗∗∗

(-2.74)
∆ ValuesSentimentit−1 -0.377∗∗

(-2.51)
∆ ValuesSentimentit -0.297∗∗∗ -0.239∗∗∗ -0.428∗∗∗

(-3.18) (-2.62) (-2.89)
∆ ValuesSentimentit+1 -0.199

(-1.39)
∆ ValuesSentimentit+2 -0.170

(-1.39)

Firm Characteristicsit Yes Yes Yes
Time FE Yes Absorbed Absorbed
Time x Industry FE Yes Yes
Observations 96,921 96,921 81,983
Adjusted R2 0.164 0.290 0.294

Panel B: Specific Misconduct Categories

Misconducti,t+1→t+4 by category

Environment Labor Consumers Financial
(1) (2) (3) (4)

∆ ValuesSentimentit -0.111∗ -0.121∗ -0.056 -0.021
(-1.89) (-1.65) (-1.17) (-0.73)

Firm Characteristicsit Yes Yes Yes Yes
Time x Industry FE Yes Yes Yes Yes
Observations 96,921 96,921 96,921 96,921
Adjusted R2 0.116 0.229 0.183 0.065
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Table 7: Changes in Values-Oriented Sentiment and Future Litigation

This table shows the relation between changes in values-oriented sentiment and future civil litigation. ∆
ValuesSentimentit is the change in values-oriented sentiment from quarter t − 1 to quarter t for firm i, and
is expressed in units of standard deviation. In Panel A, the dependent variable is an indicator taking the
value of one if the firm is named defendant in a civil lawsuit at a federal or state court in the subsequent
four quarters. In Panel B, we separately consider civil lawsuits related to environmental, labor, consumer
protection, and financial matters in quarters t + 1 through t + 4. Firm characteristics include all variables
in Table 3. The sample period runs from 2011 to 2022. t-statistics based on standard errors clustered at the
firm level are reported in parentheses. * denotes significance at the 10% level, ** denotes significance at the
5% level and *** denotes significance at the 1% level. All variables are defined in Table 1 of the Appendix.

Panel A: All Lawsuit Categories

Litigationi,t+1→t+4

(1) (2) (3)

∆ ValuesSentimentit−2 -0.349∗∗∗

(-2.96)
∆ ValuesSentimentit−1 -0.267∗∗

(-1.98)
∆ ValuesSentimentit -0.327∗∗∗ -0.268∗∗∗ -0.459∗∗∗

(-3.72) (-3.08) (-3.16)
∆ ValuesSentimentit+1 -0.120

(-0.83)
∆ ValuesSentimentit+2 0.100

(0.79)

Firm Characteristicsit Yes Yes Yes
Time FE Yes Absorbed Absorbed
Time x Industry FE Yes Yes
Observations 96,921 96,921 81,983
Adjusted R2 0.181 0.229 0.232

Panel B: Specific Lawsuit Categories

Litigationi,t+1→t+4 by category

Environment Labor Consumers Financial
(1) (2) (3) (4)

∆ ValuesSentimentit -0.210∗∗∗ -0.310∗∗∗ -0.098 -0.038
(-3.40) (-3.87) (-1.49) (-0.60)

Firm Characteristicsit Yes Yes Yes Yes
Time x Industry FE Yes Yes Yes Yes
Observations 96,921 96,921 96,921 96,921
Adjusted R2 0.111 0.169 0.153 0.089
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Table 8: Changes in Values-Oriented Sentiment and Future Stock Performance: Quarterly-Rebalanced
Portfolios

This table shows estimates from factor regressions using quarterly value-weighted portfolio and factor re-
turns. The dependent variables are excess returns of portfolios formed based on changes in sentiment.
The factors are the five Fama and French (2015) factors. At the end of each quarter t, we sort stocks into
portfolios using changes in values-oriented sentiment from quarter t − 1 to t. We then consider the port-
folios’ returns in quarter t + 1. We consider portfolios of stocks with negative changes in values-oriented
sentiment (column 1), portfolios of stocks with positive changes in values-oriented sentiment (column 2),
long-short portfolios that buy stocks with positive changes in values-oriented sentiment and short stocks
with negative changes in values-oriented sentiment (column 3), portfolios of stocks in the bottom quin-
tile by changes in values-oriented sentiment (column 4), portfolios of stocks in the top quintile by changes
in values-oriented sentiment (column 5), and long-short portfolios that buy stocks in the top quintile by
changes in values-oriented sentiment and short stocks in the bottom quintile by changes in values-oriented
sentiment (column 6). Returns are expressed as percentages. The sample period runs from 2011 to 2022.
t-statistics based on heteroskedasticity-robust standard errors are reported in parentheses. *, **, and ***
denote significance at the 10%, 5%, and 1% levels, respectively. All variables are defined in Table 1 of the
Appendix.

Excess Returns in Quarter t+ 1 of Portfolios Sorted by ∆ ValuesSentimentit

Neg. - RF Pos. - RF Pos. -Neg. Q1 - RF Q5 - RF Q5 - Q1
(1) (2) (3) (4) (5) (6)

Alpha 1.294 0.746 -0.548∗∗∗ 1.450 1.112 -0.339∗∗

(1.48) (0.81) (-3.60) (1.37) (0.97) (-2.17)
Mktt+1-RFt+1 0.282 0.213 -0.069∗ 0.357 0.300 -0.057

(1.36) (0.99) (-1.98) (1.43) (1.15) (-1.63)
SMBt+1 0.121 0.271 0.151∗∗ 0.205 0.316 0.111

(0.24) (0.55) (2.11) (0.36) (0.53) (1.47)
HMLt+1 -0.086 -0.112 -0.027 -0.213 -0.212 0.001

(-0.28) (-0.37) (-0.63) (-0.59) (-0.56) (0.03)
RMWt+1 -0.246 -0.178 0.067 0.042 0.108 0.066

(-0.58) (-0.43) (0.72) (0.09) (0.22) (1.01)
CMAt+1 -0.067 0.218 0.285∗∗∗ -0.018 0.048 0.065

(-0.10) (0.32) (2.97) (-0.02) (0.06) (0.71)

N. Quarters 44 44 44 44 44 44
Adjusted R2 0.085 0.075 0.255 0.076 0.065 0.114
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Table 9: Changes in Values-Oriented Sentiment and Future Stock Performance: Fama and Macbeth
(1973) Regressions

This table shows estimates from Fama and Macbeth (1973) regressions of stock performance on lagged
changes in values-oriented sentiment and firm characteristics. The dependent variable is stock performance
in quarter t+1 and it is measured as the quarterly return in excess of the market (column 1), quarterly CAPM
alpha (column 2), and quarterly five-factor alpha (column 6), for which we used the five Fama and French
(2015) factors. Quarterly alphas are estimated from daily returns in the quarter. All returns are expressed
as percentages. ∆ ValuesSentimentit is the change in values-oriented sentiment from quarter t− 1 to quarter
t for firm i and is expressed in units of standard deviations. The sample period runs from 2011 to 2022.
We adjust for potential autocorrelation and heteroskedasticity by employing Newey-West standard errors
with a lag length of three quarters. t-statistics are reported in parentheses. * denotes significance at the 10%
level, ** denotes significance at the 5% level, and *** denotes significance at the 1% level. All variables are
defined in Table 1 of the Appendix.

Market-Adjusted Returnit+1 CAPM Alphait+1 Five-Factor Alphait+1

(1) (2) (3)

∆ ESG Sentimentit -0.115∗∗∗ -0.088∗∗ -0.067∗∗

(-3.63) (-2.61) (-2.13)
Sizeit -0.185 -0.049 -0.134

(-1.25) (-0.31) (-1.01)
Book-to-Marketit 0.186 0.190 0.507∗

(0.28) (0.28) (1.94)
ROAit 28.184∗∗∗ 28.497∗∗∗ 20.556∗∗∗

(6.80) (6.54) (6.72)
Leverageit 0.403 1.085 1.034∗

(0.55) (1.39) (1.93)
CAPEXit -22.301 -26.069 -19.999

(-1.33) (-1.56) (-1.47)
Institutional Ownershipit 0.931∗∗∗ 0.814∗∗∗ 0.564∗∗∗

(6.75) (4.83) (2.75)
CAPM Betait -0.013 -0.860∗ -0.579

(-0.02) (-1.81) (-1.66)
Annual Returnit -0.024 -0.111 -0.037

(-0.06) (-0.27) (-0.14)
Return Volatilityit 22.544 -28.674 25.605∗

(0.79) (-1.47) (1.86)
ESG Breadthit 1.570 -1.324 -5.000∗∗

(0.88) (-0.65) (-2.17)

Observations 99,506 99,506 99,506
Adjusted R2 0.073 0.063 0.029
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Table 10: Attention Allocation: Future Stock Performance and Disagreement

This table shows estimates from Fama and Macbeth (1973) regressions of stock performance on lagged
changes in values-oriented sentiment and firm characteristics for subsamples defined based on changes in
disagreement among ESG ratings or active funds. In Panel A, we classify firm i in quarter t into the Low
(High) subsample if the change in rating disagreement for firm i from quarter t− 1 to t is below (above) the
median change in ESG rating disagreement in that quarter. In Panel B, we classify firm i in quarter t into the
Low (High) subsample if the change in active disagreement for firm i from quarter t−1 to t is below (above)
the median change in active disagreement in that quarter. The dependent variable is stock performance
in quarter t + 1 and it is measured as the quarterly return in excess of the market (column 1), quarterly
CAPM alpha (column 2), and quarterly five-factor alpha (column 6), for which we used the five Fama
and French (2015) factors. Quarterly alphas are estimated from daily returns in the quarter. All returns
are expressed as percentages.∆ ValuesSentimentit is the change in values-oriented sentiment from quarter
t− 1 to quarter t for firm i and is expressed in units of standard deviations. Firm characteristics include all
variables used in Table 3. The sample period runs from 2011 to 2022. We adjust for potential autocorrelation
and heteroskedasticity by employing Newey-West standard errors with a lag length of three quarters. t-
statistics are reported in parentheses. * denotes significance at the 10% level, ** denotes significance at the
5% level, and *** denotes significance at the 1% level. All variables are defined in Table 1 of the Appendix.

Panel A: Low vs. High Change in ESG Rating Disagreement

Market-Adjusted Returnit+1 CAPM Alphait+1 Five-Factor Alphait+1

Low High Low High Low High
(1) (2) (3) (4) (5) (6)

∆ ValuesSentimentit -0.089∗ -0.154∗∗∗ -0.076 -0.117∗∗∗ -0.028 -0.123∗∗∗

(-1.72) (-3.92) (-1.46) (-2.82) (-0.59) (-2.91)

Firm Characteristicsit Yes Yes Yes Yes Yes Yes
Observations 49,823 49,683 49,823 49,683 49,823 49,683
Adjusted R2 0.088 0.098 0.075 0.083 0.040 0.041

Panel B: Low vs. High Change in Active Fund Disagreement

Market-Adjustedit+1 CAPM Alphait+1 Five-Factor Alphait+1

Low High Low High Low High
(1) (2) (3) (4) (5) (6)

∆ ValuesSentimentit -0.050 -0.171∗∗∗ -0.035 -0.137∗∗∗ -0.027 -0.104∗∗

(-1.11) (-3.48) (-0.71) (-2.96) (-0.54) (-2.40)

Firm Characteristicsit Yes Yes Yes Yes Yes Yes
Observations 49,744 49,762 49,744 49,762 49,744 49,762
Adjusted R2 0.102 0.086 0.088 0.075 0.046 0.037
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Table 11: Attention Allocation: Future Legal Risk and Disagreement

This table shows the relation between changes in values-oriented sentiment and future corporate miscon-
duct or litigation for subsamples defined based on changes in disagreement among ESG ratings or active
funds. In Panel A, we classify firm i in quarter t into the Low (High) subsample if the change in rating dis-
agreement for firm i from quarter t− 1 to t is below (above) the median change in ESG rating disagreement
in that quarter. In Panel B, we classify firm i in quarter t into the Low (High) subsample if the change in
active disagreement for firm i from quarter t− 1 to t is below (above) the median change in active disagree-
ment in that quarter. ∆ ValuesSentimentit is the change in values-oriented sentiment from quarter t − 1 to
quarter t for firm i, and it is expressed in units of standard deviation. In columns 1 and 2, the dependent
variable, Misconducti,t+1→t+4, is an indicator taking the value of one if the firm is fined by a federal or local
government agency in the subsequent four quarters. In columns 3 and 4, the dependent variable, Litiga-
tioni,t+1→t+4, is an indicator taking the value of one if the firm is named defendant in a civil lawsuit at a
federal or state court in the subsequent four quarters. Firm-level controls include all variables in Table 3.
The sample period runs from 2011 to 2022. t-statistics based on standard errors clustered at the firm level
are reported in parentheses. * denotes significance at the 10% level, ** denotes significance at the 5% level
and *** denotes significance at the 1% level. All variables are defined in Table 1 of the Appendix.

Panel A: Low vs. High Change in ESG Rating Disagreement

Misconducti,t+1→t+4 Litigationi,t+1→t+4

Low High Low High
(1) (2) (3) (4)

∆ ValuesSentimentit -0.171 -0.252∗ -0.249 -0.274∗

(-1.03) (-1.78) (-1.50) (-1.81)

Firm Characteristicsit Yes Yes Yes Yes
Time FE Absorbed Absorbed Absorbed Absorbed
Time x Industry FE Yes Yes Yes Yes
Observations 48,450 48,298 48,450 48,298
R2 0.315 0.330 0.249 0.274

Panel B: Low vs. High Change in Active Fund Disagreement

Misconducti,t+1→t+4 Litigationi,t+1→t+4

Low High Low High
(1) (2) (3) (4)

∆ ValuesSentimentit -0.041 -0.320∗∗ -0.159 -0.309∗

(-0.25) (-2.03) (-1.00) (-1.91)

Firm Characteristicsit Yes Yes Yes Yes
Time FE Absorbed Absorbed Absorbed Absorbed
Time x Industry FE Yes Yes Yes Yes
Observations 48,375 48,361 48,361 48,375
R2 0.148 0.144 0.268 0.257
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